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Abstract

This study compared three lead generation approaches- manual searches, professional
databases, and Al-driven tools. Manual searches found the most companies (94) but produced
only two quality leads after 115 hours. Database and Al tools identified fewer leads (3 each)
but required far less time—2 hours and 27 hours, respectively. Other methods like LinkedIn
outreach and referrals yielded fewer leads but with higher quality.

The results show that no single method is best in all aspects. Manual methods give breadth,
while Al and databases provide speed and efficiency. A hybrid strategy—combining Al’s scale
with human-driven techniques—offers the most balanced solution for businesses (Jarvinen &
Taiminen, 2016; Chowdhury et al., 2022; Buttle & Maklan, 2019).
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Introduction

Identifying the right customers is critical for sales and marketing, particularly in B2B markets
where data is vast and often difficult to filter effectively. Sales prospecting—building a pipeline
of potential clients—traditionally relies on manual list building or purchasing business data.
However, these methods are often time-intensive, costly, and prone to issues such as duplication
and outdated records.

The growing complexity of data-driven markets has created a need for faster and more reliable
prospecting techniques. Manual searches require heavy effort, while commercial databases may
lack accuracy or relevance. In contrast, emerging technologies such as artificial intelligence
(AI) and data mining provide opportunities to automate the process, improve efficiency, and
reduce human bias.

This study evaluates three prospecting methods- manual online searches, commercial data
platforms, and Al-based mining tools. The research addresses three questions-

. Which method identifies the most companies?
. Which method yields the highest number of qualified leads?
. Which method is most efficient in terms of time and resources?
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By comparing traditional and technology-driven approaches, the paper aims to offer practical
insights for organizations seeking to refine sales prospecting strategies in today’s fast-moving
business environment.

Strategies for Generating High-Quality Prospects

Turning potential buyers into loyal customers is a central challenge in sales. The sales funnel
provides a useful framework for this process, moving from suspects to prospects, then to leads,
and finally to customers (D’Haen & Van Den Poel, 2013). At the broadest level, suspects
represent all possible organizations that might benefit from a firm’s offering. However, since
reviewing every suspect is rarely feasible, businesses must apply clear screening criteria to
identify those worth pursuing.

Prospects are the subset of suspects that meet these criteria and show potential relevance.
Identifying high-quality prospects at this stage is critical, as it directly influences the efficiency
of future outreach and conversion rates. From here, leads emerge when prospects demonstrate
interest or engagement, such as responding to outreach or entering discussions. For this study,
a qualified lead is defined as one that is both relevant to the offering and likely to progress in
the sales process.

The ultimate objective is to transform leads into long-term customers. To achieve this, firms
can rely on multiple strategies, including online research, commercial data platforms, direct
outreach, referrals, and Al-driven tools. Each approach offers different trade-offs in terms of
volume, quality, and efficiency, making a combined strategy particularly effective in generating
high-quality prospects.

Prospecting Methods

Manual Web Research

This method relies on individuals searching the internet for company information. While it
gives access to a wide range of data, it is slow, resource-intensive, and often inconsistent
because it depends heavily on personal judgment. Scalability is also a major limitation.

Commercial Data Acquisition

Here, firms buy ready-made prospect lists from third-party vendors. It helps in quickly building
large databases but comes at high cost and often suffers from poor data quality, limited
customization, and outdated records. As a result, the leads generated may not always be reliable.

Al-Driven Data Mining

Al tools use machine learning to scan vast online sources and extract relevant company details
automatically. This reduces manual work, minimizes bias, and allows for scalable and targeted
lead generation. When combined with open web and commercial datasets, it offers higher
precision and efficiency compared to traditional methods.

By comparing these three approaches—manual research, purchased data, and Al mining—this
study evaluates which strategies provide the best balance of speed, cost, and quality for B2B
sales prospecting.
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Methodology

This study adopts a comparative case study approach to evaluate three prospecting strategies-
manual web research, commercial data acquisition, and Al-powered data mining with
automated web crawling. Each method was assessed against four criteria-

1. Total companies identified

2. Number of high-quality prospects generated

3. Time required for execution

4. Degree of overlap (duplicate entries) across methods

The analysis was conducted within the B2B software sales industry, chosen for its competitive
nature, strong dependence on data-driven outreach, and the strategic importance of accurate
prospecting. The sector’s complexity makes it an ideal testing ground to measure how well Al-
driven automation performs compared to more traditional approaches.

Study Procedure

The research followed a three-phase process-

1. Data Collection

. Manual Web Search- Targeted searches were conducted using Google, LinkedIn, and
company directories, with results manually recorded.

. Commercial Database Acquisition- A subscription-based business database was used,
applying filters such as industry, size, and geography to extract records.

. Al-Based Data Mining- A custom web-crawling tool with machine learning capabilities
scanned online sources. Outputs were manually reviewed to ensure accuracy.

2. Prospect Qualification

A uniform framework was applied across all datasets. Companies were screened based on-

. Size

. Industry relevance

. Geographic location

. Online activity or buying signals

. Only firms meeting all criteria were classified as high-quality prospects.

3. Performance Evaluation
Each method was assessed using the following indicators-

. Total companies identified

. Number of high-quality prospects

. Time required

. Overlap across methods (duplicates)

This structured approach ensured an objective comparison of the three prospecting strategies in
a real-world B2B sales context.

Empirical Context and Methodology

This study is situated in a real-world case of a mid-sized software company specializing in
digital solutions for the waste management sector. The firm primarily targets medium to large
enterprises across four operational areas- recycling, waste-to-energy systems, landfill
management, and waste collection and transfer services.

For the empirical analysis, the United States was selected as the target region due to its mature
and highly regulated waste management market. The sector consists of over 20,000 companies,
with approximately 70% privately owned. While small and medium-sized enterprises (SMEs)
dominate in number, they account for only about 20% of market revenue. In contrast, roughly
1% of firms control nearly 46% of total revenue, reflecting strong industry consolidation driven
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by strict environmental regulations and high compliance costs that disproportionately challenge
smaller operators.

Within this market landscape, the participating firm faces an average sales cycle of 28 months,
which aligns with the long and complex decision-making typical of enterprise-level B2B
transactions. To strengthen its sales pipeline, the company set a target of identifying
approximately 200 potential client organizations. This number was carefully chosen to provide
adequate outreach opportunities while ensuring manageability within its sales and marketing
capacity.

To select these target firms, the study employed standard firmographic filters—including
company size, industry segment, and geographic presence—ensuring alignment with the
company’s qualification framework and broader go-to-market strategy.

Table 1- Empirical Context of the Waste Management Software Case Study

Parameter Details

Industry Focus Waste management (recycling, waste-to-energy, landfill,
collection & transfer)

Geographic Scope United States

Total Companies in | ~20,000

Sector

Ownership Distribution | ~70% privately owned
Revenue Distribution SMEs = ~20% of revenue; Top ~1% of firms = ~46% of revenue

Market Dynamics Consolidation driven by regulation and high compliance costs
Average Sales Cycle ~28 months (enterprise-level B2B transactions)

Target Pipeline Size ~200 potential client organizations

Selection Filters Firm size, industry segment, geographic presence

This table makes the empirical setting immediately clear to readers and strengthens the
methodology section.

Study Timeline and Research Design

This study was carried out over four months (October 2019—January 2020) to test three ways
of finding potential clients. Each method was run separately and compared on results, quality
of leads, time taken, and overlap.

1. Manual Web Search — A team of researchers used search engines and keywords related
to waste management to find companies. Each lead was checked through official sites,
directories, and press releases to confirm relevance.

2. Industry Databases — Subscription-based directories and association lists were used to
pull out company data. These records helped validate and extend the web search findings.
3. Trade Sources — Event exhibitor lists, trade magazines, and sector journals were

reviewed to identify additional prospects using the same keyword set for consistency.

All three approaches were applied side by side. This design gave a balanced view of the target
market and made it possible to see which method was most effective in identifying valuable
B2B leads.

Database Research and Data Mining Instrument

Prospecting Approach Total Identified Companies | Expected High-Value Leads

Organized Online Exploration 94 2
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Professional Database Lookup 134 3
Al-Powered Data Scanning Tool 108 3
LinkedIn-Based Outreach 88 11
Sector-Specific Listings 120 1
Event Attendee Contact Lists 76 1
Word-of-Mouth and Endorsements 42 1
Rival Company Insights 65 1
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Fig.1-Estimated Number of Quality Prospects by Lead Generation Method
The results show clear differences in how effective each prospecting method was. Business

databases and automated data tools produced large company lists but only a few strong leads
(3 each). By contrast, LinkedIn contact building stood out, generating 11 high-quality prospects

from a smaller pool of 88 companies.

Other methods—such as industry listings, trade show contacts, and personal referrals—
delivered just one qualified lead each, despite covering wider sets of companies. This suggests

that static lists and precompiled sources are less effective in turning quantity into quality.
Overall, the findings highlight that strategies focused on personalization and direct engagement,
like LinkedIn networking, outperform broad but passive approaches in B2B lead generation.

Results and Discussion

Prospecting Total . Quality Overlap with Other Tlme.
Method Companies Prospects Sources Spent (in
Retrieved p Hours)

641

LY S

120

100

60

4

Sum of Total Identified Companies



European Economic Letters
ISSN 2323-5233
Vol 15, Issue 4 (2025)

http://eelet.org.uk

Organized Web 94 ) 14% (Database), 11% 115
Scanning (Data Mining)

Business Database 134 3 2% (Data Mining), )
Exploration 14% (Web Scanning)
Automated Data 108 3 2% (Database), 11% 27
Extraction Tool (Web Scanning)

LinkedIn Contact 28 11 3% (Web Scanning), 18
Building 6% (Database)

. 5% (Database), 4%

Industry Listings 120 1 (Trade Show Lists) 9
Trade Show 76 1 4% (Directories), 3% 7
Contact Lists (Referrals)

Personal o o
Connections & 42 1 3% (Trac‘le Show), 2.A) 5
Referrals (Competitor Analysis)

Analysis of 29% (Databasc), 2%
Competitor 65 ! (Data Mining Tool) 6
Networks

LA Yo

¢ Back to report | SUM OF TOTAL COMPANIES RETRIEVED AND SUM OF TIME SPENT (IN HOURS)  BY OVERLAP WITH OTHER SOURCES

2% (Data Mining), 14% (Web Sca...
5% (Database), 4% (Trade Show L...
2% (Database), 11% (Web Scanni...
14% (Database), 11% (Data Mini...

3% (Web Scanning), 6% (Databas...

4% (Directories), 3% (Referrals)

2% (Database), 2% (Data Mining ...

3% (Trade Show), 2% (Competito...

100%

Fig. 2-Comparative Analysis of Prospecting Methods Based on Quality Prospects, Overlap,

Overlap

and Time Investment
Overlap and Efficiency Analysis

The study revealed limited duplication between prospecting methods, indicating that each
approach generated largely distinct sets of potential clients. For instance, Web Scanning
overlapped moderately with Business Databases (14%) and the Data Extraction Tool (11%),
while overlaps between other methods (e.g., LinkedIn, trade shows, referrals, and competitor
networks) were minimal. This supports prior findings that multi-channel prospecting expands
market reach and improves lead diversity (Baldauf, Cravens, & Piercy, 2015).

Efficiency

The methods varied in resource demands. Web Scanning required the most time (115 hours)

642



European Economic Letters
ISSN 2323-5233

Vol 15, Issue 4 (2025)
http://eelet.org.uk

due to manual data collection and validation, while Business Databases were the most efficient
(2 hours) owing to structured datasets. Automated Data Extraction took 27 hours, reflecting
both automation and human oversight. Mid-range strategies like LinkedIn (18 hours) and
Industry Listings (9 hours) offered a balance of effort and quality. Low-effort approaches such
as Personal Referrals (5 hours) and Competitor Networks (6 hours) added niche but high-value
leads. These results align with research suggesting that hybrid prospecting strategies—
combining automated and relationship-driven methods—enhance efficiency and lead quality
(Jolson & Wotruba, 1992; Moncrief, Marshall, & Lassk, 2006).

In summary, leveraging multiple approaches together improves both the scope and
effectiveness of B2B lead generation.

Contributions and Implications

This study adds to B2B prospecting research by addressing a gap in empirical work on data
mining for lead qualification. Previous research, such as D’Haen et al. (2016), highlighted the
benefits of combining expert knowledge with multilingual web crawling, while Meire et al.
(2017) cautioned against overreliance on intuition-based filtering. Building on this, the current
study provides a real-world comparison of manual, database-driven, and Al-powered
prospecting methods in the waste management software sector.

A key contribution is the demonstration that automated data mining can outperform traditional
methods in both efficiency and lead volume—an especially relevant insight for SMEs, which
often lack resources for large-scale manual prospecting.

Managerial Takeaways

. Structured web searches and curated databases can provide quality leads, but they
require strong oversight to reduce bias.

. Sole reliance on intuition or simple filters can create bloated, low-quality lead lists
(Meire et al., 2017; D’Haen et al., 2016).

. Commercial databases, while fast, often contain outdated or incomplete information.

. Al-driven data mining tools show strong potential for improving lead accuracy by

analyzing websites and similarity patterns, supporting ongoing advances like those developed
at the University of Szeged.

Limitations and Future Research
This study has several boundaries that should be acknowledged-

. The scope is limited to one company, sector, and country, reducing generalizability.
. Manual validation introduces potential researcher bias.
. The Al tool tested was an early-stage prototype, and results may differ with advanced

commercial solutions.

Future research should expand across industries and regions, compare different types of Al
tools, and follow leads through later sales stages (qualification, nurturing, and conversion) to
provide a full picture of long-term effectiveness (Nicolas et al., 2020).

Conclusion

This study provided a comparative assessment of three prospecting approaches—Al-enhanced
data mining, manual web searches, and commercial database use—within the U.S. waste
management software sector. The findings highlight key trade-offs-

o Systematic web searches produced high-quality leads but required the greatest time and
resources.
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. Commercial databases delivered higher volumes but raised concerns about accuracy,
completeness, and potential bias.
o Al-based data mining tools showed promise in improving efficiency and reducing

human bias, though their performance was inconsistent and requires further refinement.

These results confirm that no single method is universally superior. Instead, a hybrid strategy
that blends traditional and Al-driven techniques provides a more balanced solution, optimizing
lead quality, coverage, and resource efficiency.

The study contributes to both theory and practice by reinforcing the rising role of Al in
prospecting while validating the ongoing relevance of manual and database-supported methods.
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